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Objectives Upon completion of this presentation,
you will be able to:

* Define and describe health challenges
in rural contexts

* Improve your understanding of cultural
adaptation of evidence-based
interventions

* Describe translational behavioral
approaches designed to mitigate such
inequities, including community-based
Interventions



Disclosure Dr. Schoenberg has no relevant financial
relationships to disclose and does not
plan to discuss the off-label use of a
product.




Some background on rural US

The 46 million U.S. residents living in rural areas in
2020 made up 14 percent of the U.S. population.

65% of rural residents live west of the MS river, but
only 10% of Westerners are considered rural

Nearly half (28 million, 47%) of the rural
population lives in the South.

Definitions:

“All counties that are not part of a
Metropolitan Statistical Area (contains an
urban core area of 50,000+ population).” -
Office of Management and Budget

“Any population, housing, or territory not in
an urban area (population between 2,500
and 50,000).” - Census Bureau

Highest % of rural residents (61%): ?7?

Lowest % of rural residents (5%): ??




Some emergent trends in rural US

https://www.brookings.edu/blog/the-avenue/2021/09/28/mapping-rural-americas-diversity-and-demographic-change/

RURAL AMERICA
BECAME MORE
RACIALLY AND

ETHNICALLY DIVERSE

OVER THE LAST
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What % of rural residents
in US are people of color?
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Context:
rural SDH

SDH: “the conditions in the
environments where people are
born, live, learn, work, play, worship,
and age that affect a wide range of
health, functioning, and quality-of-
life outcomes and risks”

-Healthy People 2030,

https://health.gov/healthypeople/priority-
areas/social-determinants-health

Poverty rates by metro/nonmetro residence, 1959-2019
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Note: Metro status of some counties changed in 1984, 1994, 2004, 2014, and 2018.
*CPS poverty status is based on family income in prior year and ACS poverty status is
based on family income in the past 12 months.

Sources: USDA, Economic Research Service using data from U.S. Department of
Commerce, Bureau of the Census, Current Population Survey (CPS) 1960-2013 and
annual American Community Survey (ACS) estimates for 2007-19.




Figure 3. Age-adjusted death rates for the 10 leading causes of death, by urban-rural classification: United States, 2019
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NOTES: Urbanicity of county of residence is based on the 2013 NCHS Urban-Rural Classification Scheme for Counties; see Data source and methods. Causes of

death are ranked according to the number of deaths for the total population. Rates for all causes in rural areas were significantly higher than rates in urban areas
(p < 0.05). Access data table for Figure 3 at: hitps //www cdc gov/nchs/data/databriefs/db4 17-tables pdf#3
SOURCE: National Center for Health Statistics, National Vital Statistics System, Mortality




Appalachian
Kentucky:

Poverty Rate
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Community Challenges in Appalachian
Kentucky

Dwindling Coal Jobs Population Trends
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Premature Mortality in
Appalachia
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Leveraging Assets:
faith-based engagement, going where
people are, & clinical partnerships




Programmatic orientations

EMBED IN SUSTAINABLE INVEST IN LOCAL & DRAW FROM THE
INSTITUTIONS COMMITTED PEOPLE EVIDENCE BASE



UNIVERSITY OF KENTUCKY RESEARCH

Core features:

* A D ot

Make Better Choices 2
If you live in Eastern Kentucky, researchers at the University of
Kentucky are inviting you to participate in a healthy living study. Make

o
o P e rs O n a I I Z e d Better Choices 2 (MBC2) employs technology to help you eat better,
sleep better, and get more exercise. Participants will use a health app,

Fitbits, and health coaching to change health behaviors. The goal of

the study is to test whether MBC2 may promote healthy changes and

e a t prevent unnecessary sickness and death in people. MBC2 brings one of

the most innovative new programs which may improve health to Eastern

Kentucky.

o
C O a C h I n Study participants will:
. Use a new health app and a Fitbit to track eating, stress, sleeping, exercise

. Work with a trained, local health coach
. Participate in 3 in-person health checks
() A C C e I e r O m e t e r *  Receive $ incentives for meeting goals
You may be eligible to participate if you:
»  are willing to track your health behaviors with a Smartphone App
and a Fitbit

° Fi n a n Cia I »  arel8years or older !@ﬁg

To complete survey, visit site at "
MakeBetterChoices2.com or scan QR code: E
LT

[ ] [ ]
I n C e n t I Ve S For more information
AR g rescarch |, Dumoshemen

Make Better Choices .
NOMATING HEALTHY (18 MakeBetterChoices2.com
Ax Equal Opportuxity Universify




The Process of Adapting MBC2 to
a Rural, Appalachian Population
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Adapting for Local Use

Rural communities have older
populations

Eligibility criterion: age

Lack of urban recruitment sites (e.g.,
public transit)

Concern about data costs; less tech
Smartphone

experience

Sparse personal & local resources
undermine behavior change

Individual-level intervention Tight k.mt communities like group
gatherings
App messaging Fit Appalachian context

Health Coaching

Open up to all eligible people 18+--no upper
age limits

Use social media, community locations
(church, centers)

Special health coach training on data
use/cost

Local coaches have inventory to local food
and activity resources, informed by
community needs assessment

Quarterly group events

Highlight success stories, fun activities



 What is the true active ingredient in this mHealth
intervention?

* Would in-person coaching be more effective than
remote telehealth delivery?

P rOVO.CatIVE * How sustainable are mHealth approaches in the
qu estions absence of grant-funding?

* How likely are mHealth or telehealth approaches to be
included in health care or social service policy and
programming?

remain...

* How might evidence-based behavioral interventions
become reimbursable?




Despite these efforts, interventions oftentimes do
not achieve desired outcomes

Intersectionality/identity

and

Balance between fidelity to existing EBI
and adaptation

and

The ever evolving landscape: ex. NRT and
smoking cessation




And ...most trials fail to
achieve desired outcomes

Clinical trials:
90% fail, likely due to:*
* lack of clinical efficacy (40-50%)

* unmanageable toxicity/side effects (30%)

* poor pharmacokinetic properties, (e.g., drug
absorption/excretion) (10=15%)

* Lack of commercial interest & poor strategic
planning (10%)

10-15 years to develop, cost $1 billion to develop one
successful medication.

*https://www.nature.com/articles/nrd.2016.184
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Abstract  Ninety percent of clinical drug development fails despite implementation of many successful
strategies, which raised the question whether certain aspects in target validation and drug optimization are
overlooked? Current drug optimization overly emphasizes potency/specificity using structure—activity
relationship (SAR) but overlooks tissue exposure/selectivity in disease/normal tissues using structure—tis

sue exposure/selectivity—relationship (STR), which may mislead the drug candidate selection and impact
the balance of clinical dosc/efficacy/toxicity. We propose structure—tissue exposure/selectivity—activity
relationship (STAR) to improve drug optimization, which classifies drug candidates based on drug’s po

tencylselectivity, tissue exposure/selectivity, and required dose for balancing clinical efficacyltoxicity

Class 1 drugs have high specificity/potency and high tissue exposure/selectivity, which needs low dose
10 achieve superice clinical efficacy/safety with high success rate. Class 11 drugs have high specificity/po-
tency and low tissue exposure/selectivity, which requires high dose to achieve clinical efficacy with high

toxicity and needs 1o be cautiously evaluated. Class 111 drugs have relatively low (adequate) specificity/
potency but high tissue exposure/selectivity. which requires low dose to achieve clinical efficacy with
manageable toxicity but are often overlooked. Class IV drugs have low specificity/potency and low tissue
exposure/selectivity, which achieves inadequate efficacy/safety, and should be terminated early. STAR
may improve drug optimization and clinical studies for the success of clinical drug development.

£ 2022 Chinese Pharmaceutical Association and Institute of Materia Medica, Chinese Academy of Medical
Sciences. Production and hosting by Elsevier B.V. This is an open access article under the OC BY-NC-ND license

ju (Duxin Sun).

Peer review under responsibility of Chinese Pharmaceutical Association and Institute of Materia Medica, Chinese Academy of Medical Sciences

2211.3835 @ 2022 Chinese Pharmacestical Association and Institute of Materia Medica, Chinese Academy of Medical Sciences. Production and hosting
by Elsevier B.V. This is an open access asticle under the CC BY-NC.ND license (huy e ¢ % 4.01).



How to authentically and
sustainably address
fundamental causes of health
Inequities?

Length of Life (50%)

Health Outcomes
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Quality of Life (50%)
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— Community Safety
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County Health Rankings model © 2016 UWPHI

Magnan, S. 2017. Social Determinants of Health 101 for Health Care: Five Plus
Five. NAM Perspectives. Discussion Paper, National Academy of Medicine,
Washington, DC. https://doi.org/10.31478/201710c



https://doi.org/10.31478/201710c

Thank you and questions

. Center for Health

Equity Transformation

https://chet.med.uky.edu/

Facebook: @UKYCHET
Twitter: @CHET_UKY

Instagram: @ukychet
Video - https://youtu.be/6uuY4xRI6JU



https://chet.med.uky.edu/
https://youtu.be/6uuY4xRl6JU

